
B. Training and Testing Phase

In the WEKA Classification section, data belonging to our
previous WMC and CBO based classification were used as 
training data and machine learning was performed. Afterwards, 
RFC, NOC, NIM, Ratio C / C metrics were added to CBO and 
WMC and the classification was made by Navie Bayes method 

and the results are shown in Fig. 3. 

Projects are correctly classified by 90% accuracy by 
WEKA. In terms of maintainability, two projects that were 
previously marked as successful were considered unsuccessful 
and 2 projects that were previously unsuccessful were 
classified as successful. 

Fig. 3. Classification with Naive Bayes 

V. CONCLUSION

The key contribution of this study is the investigation of the 
software metrics that are required to measure maintainability 
characteristic. After researching scientific literature for the 
recommended metrics to measure the maintainability 
characteristic, 40 object-oriented open source projects 
examined with the aid of machine learning tools. 

It is seen that WEKA machine learning software has the 
correct classification with 90% accuracy. Having two projects 
that are successful and misclassified is considered an 
acceptable result as false positives. Having small number of 
true negatives does not hinder our judgement about the project. 
If general accuracy is high, common procedure of reviewing 
the negatives would only result in diminishing risks rather than 
the waste of time. 

On the other hand, false positives might affect the projects 
at hand by misguiding the review process thus, increasing risk. 
This misclassification should remain minimal with increasing 
number of projects. 

As a result, with 90% accuracy score of classification, it is 
observed that the usage of CBO, WMC, RFC, NOC, NIM and 
Ratio C/C metrics in the measurement of maintainability 
characteristic of ISO 9126 Quality Standard gives consistent 
results. 

As a future work, we are planning to increase the number of 
projects and a more comprehensive machine learning study can 

be carried out and it can be discussed whether or not to add or 
remove existing metrics. 
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